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yielgl1T5 (Confusion Matrix)

v 0 vy 1 vy 2 vy 3 Recall

y:label=0 : dorsal left 47 3 0 0 094
y:label=1 : dorsal right 0 50 0 0 1
y:label=2 : palmar left 0 0 38 120 0.76
y:label=3 : palmar right 0 0 0 50 1
Precision 1 0.943 1 0.806
F-Measures 0.969 0.971 0.864 0.893
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@ &R
IEAF3X (Accuracy)

Accuracy 0.925
Avg.Precision 0.9374
Avg.Recall 0.925
Avg.F-Measures 0.9240

IFAEZX  92.5%
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